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Abstract: A type of search that looks for matching documents that contain one or more words specified by the user is called keyword
search. Find the info we need. It is for searching linked data sources on the web. There is a method for computing top-k routing plans
based on their potentials to contain results for a given keyword query. Keywords and the data elements mentioning them are related by
using a keyword-element relationship. A multilevel scoring mechanism is for computing the relevance of routing plans based on
scores at the level of keywords, data elements, element sets, and subgraphs that connect these elements. Hence, we use Keyword
Query searching for linked data. In this paper, we propose different approaches for keyword query routing through which the
efficiency of keyword search can be improved greatly. By routing the keywords to the relevant data sources the processing cost of
keyword search queries can be greatly reduced. In this paper, we contrast and compare four models – Keyword level, Element level,
Set level and query expansion using semantic and linguistic analysis. These models are used for keyword query routing in keyword
search.
Key words: Keyword searching, Uncertain graph, algorithm, Keyword routing, graph data, Keyword query.

I.INTRODUCITON
Keyword search has been deduced to retrieve useful
data from database, graph data. Keyword search has major
advantage i.e. it is easy to operate. Users do not have to
understand the query language and the database schema, and
can gain the knowledge very quickly how to use information
retrieval. Now a days, the study of keyword search technology
based on Graph data has become a hot spot, and it is generally
applied to the field of information retrieval. In the field of
traditional graph database, the research on keyword search has
already gained some achievement, but in the field of uncertain
graph data, the study on keyword search has barely started.
Especially recently, quite a lot efforts have been put for
keyword search over graphs, However, all graphs in the
database are assumed to be certain or precise, and this
assumption is often not valid in real-life applications. As RDF
data and XML data can be highly unreliable due to errors in
the web data or data expiration.
In the application of the data integration, it is needed to
incorporate such RDF data from various data sources into an
incorporated database. Uncertainties or inconsistencies often
exist in this case. Like In social networks, each link between
any two persons is often associated with a probability that
represents the uncertainty of the link or the strength of
influence a person has over another person in viral marketing.

IJVRIN.COM

XML data having graph or tree form, uncertainties are
integrated in XML documents known as probabilistic XML
document (p-document).Keyword searching in RDF data,
social networks and XML data have many important
applications. For data with relational and XML schema,
specific query languages, such as SQL and XQuery, have been
developed for information retrieval. In order to query such
data, the user must master a complex query language and
understand the underlying data schema. In relational
databases, information about an object is often scattered in
multiple tables due to normalization considerations, and in
XML datasets, the schema are often complicated and
embedded XML structures often create a lot of difficulty to
express queries that are forced to traverse tree structures.
Furthermore, many applications work on graph-structured data
with no obvious, well-structured schema, so the option of
information retrieval based on query languages is not
applicable. Both relational databases and XML databases can
be viewed as graphs. Specifically, XML datasets can be
regarded as graphs when IDREF/ID links are taken into
consideration, and a relational database can be regarded as a
data graph that has tuples and keywords as nodes.
In the application of the data integration, it is needed to
incorporate such RDF data from various data sources into an
integrated database. In this case, uncertainties/inconsistencies
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often exist. Like In social networks, each link between any
two persons is often associated with a probability that
represents the uncertainty of the link or the strength of
influence a person has over another person in viral marketing.
In XML data (a tree or graph structure), uncertainties are
incorporated in XML documents known as probabilistic XML
document (p-document). Keyword searching in RDF data,
social networks and XML data has many important
applications.
Therefore, it is necessary to relax the strict assumption of
Deterministic or well certain graphs and study keyword search
over uncertain graphs. Keyword Query Analysis and Mining
sub-graph pattern is the ultimate goal of research on uncertain
graph data management to retrieve the useful data from
uncertain graph data.

II.RELATED WORK
Keyword Query Search can be divided into two
directions of work. They are:
1) Keyword search approaches compute the most relevant
structured results.
2) Solutions for source selection compute the most relevant
sources.
In the keyword searching, we mainly follow two approaches.
They are schema-based approaches and schema-agnostic
approaches.
Schema-based approaches are implemented on top of off-theshelf databases. A keyword is processed by mapping
keywords to the elements of the databases, called keyword
elements. Then, using the schema, valid join sequences are
derived and are employed to join the computed keyword
elements to form the candidate networks that represent the
possible results to the keyword query.
Schema-agnostic approaches operate directly on the data. By
exploring the underlying graphs the structured results are
computed in these approaches. Keywords and elements which
are connected are represented using Steiner trees/graphs. The
goal of this approach is to find structures in the Steiner trees.
Various kinds of algorithms have been proposed for the
efficient exploration of keyword search results over data
graphs, which might be very large. Examples are bidirectional
search [4] and dynamic programming [5]. Recently, a system
called Kite extends schema based techniques to find candidate
networks in the multi source setting [6]. It employs schema
matching techniques to discover links between sources and
uses structure discovery techniques to find foreign key joins
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across sources. Also based on pre computed links, Hermes [7]
translates keywords to structured queries. In order to get the
efficient results for keyword search, the selection of the
relevant data sources plays a major role. The main idea is
based on modeling databases using keyword relationships. A
keyword relationship is a pair of keywords that can be
connected via a sequence of join operations. A database is
considered relevant if its keyword relationship model covers
all pairs of query keywords.
M-KS [3] considers only binary relationships between
keywords. It incurs a large number of false positives for
queries with more than two keywords. This is the case when
all query keywords are pair wise related but there is no
combined join sequence which connects all of them. GKS [8]
addresses this problem by considering more complex
relationships between keywords using a Keyword
Relationship Graph (KRG). Each node in the graph
corresponds to a keyword. Each edge between two nodes
corresponding to the keywords. For routing the keywords to
the relevant data sources and searching the given keyword
query, we propose four different approaches.
They are:
1) Keyword level model
2) Element level model,
3) Set level model, and
4) Query expansion using linguistic and semantic features.
We compute the keyword query result and keyword routing
plan [1] which is the two important factors of keyword
routing. In keyword level, we mainly consider the relationship
between the keywords in the keyword query. This relationship
can be represented using Keyword Relationship Graph (KRG)
[8]. It captures relationships at the keyword level. As opposed
to keyword search solutions, relationships captured by a KRG
are not direct edges between tuples but stand for paths
between keywords.
For database selection, KRG relationships are retrieved for all
pairs of query keywords to construct a sub graph.
Based on these keyword relationships alone, it is not possible
to guarantee that such a sub graph is also a Steiner graph (i.e.,
to guarantee that the database is relevant). To address this, sub
graphs are validated by finding those that contain Steiner
graphs. This is a filtering step, which makes use of
information in the KRG as well as additional information
about which keywords are contained in which tuples in the
database. It is similar to the exploration of Steiner graph in
keyword search, where the goal is to ensure that not only
keywords but also tuples mentioning them are connected.
However, since KRG focuses on database selection, it only
needs to know whether two keywords are connected by some
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join sequences or not. This information is stored as
relationships in the KRG and can be retrieved directly. For
keyword search, paths between data elements have to be
retrieved and explored. Retrieving and exploring paths that
might be composed of several edges are clearly more
expensive than retrieving relationships between keywords.
Keyword search over relational databases finds the
answers of tuples in the databases which are connected
through primary/foreign keys and contain query keywords. As
there are usually large numbers of tuples in the databases,
these methods are rather expensive to find answers by on-thefly enumerating the connections. To address this problem,
proposed tuple units [9] to efficiently answer keyword queries.
A tuple unit is a set of highly relevant tuples which contain
query keywords.

wise related but there is no combined join sequence which
connects all of them.
G-KS [7] addresses this problem by considering more
complex relationships between keywords using a Keyword
Relationship Graph (KRG). Each node in the graph
corresponds to a keyword. Each edge between two nodes
corresponding to the keywords (ki, kj) indicates that there
exists at least two connected tuples ti ↔ tj that match ki and
kj. Moreover, the distance between ti and tj are marked on the
edges.

III. PROPOSED SYSTEM
To route keywords only to relevant sources to reduce
the high cost of processing keyword search queries over all
sources. A novel method was used for computing top-k
routing plans based on their potentials to contain results for a
given keyword query. It employs a keyword element
relationship summary that compactly represents relationships
between keywords and the data elements mentioning them. A
multilevel scoring mechanism was proposed for computing the
relevance of routing plans based on scores at the level of
keywords, data elements, element sets, and sub graphs that
connect these elements. Also to investigate the problem of
keyword query routing for keyword search over a large
number of structured and Linked Data sources. This system
was having more advantages: 1) Routing keywords only to
relevant sources can reduce the high cost of searching for
structured results that span multiple sources. 2) The routing
plans, produced can be used to compute results from multiple
sources.
In order to get the efficient results for keyword
search, the selection of the relevant data sources plays a major
role. The main idea is based on modeling databases using
keyword relationships. A keyword relationship is a pair of
keywords that can be connected via a sequence of join
operations. For instance, (Stanley, Award) is a keyword
relationship as there is a path between uni1 and prize1 in Fig.
1. A database is considered relevant if its keyword relationship
model covers all pairs of query keywords. M-KS considers
only binary relationships between keywords. It incurs a large
number of false positives for queries with more than two
keywords. This is the case when all query keywords are pair
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Figure 1: Inter Relationship between Elements.
However, queries with more keywords could not be handled
efficiently. For instance, queries with more than two keywords
needed several seconds up to one minute. Thus, while this
setting produced results of highest quality, it is not really
affordable in a typical web scenario demanding high
responsiveness. To produce results in minimum time, while
not compromising too much on quality. The results suggest
that keyword search without routing is especially problematic
when the number of keywords is large. Thus the proposed
system uses routing keyword search for the queries having
large number of keywords.
The search space of keyword query routing using a multilevel
inter-relationship graph. At the lowest level, it models
relationships between keywords. In the upper most levels,
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there are W (N, ε) and the source-level web graph, which
contains sources as nodes. The inter-relationships between
elements at different levels are illustrated in Figure 1. A
keyword is mentioned in some entity descriptions at the
element level. Entities at the element level are associated with
a set-level element via type. A set-level element is contained
in a source. There is an edge between two keywords if two
elements at the element level mentioning these keywords are
connected via a path. Fig.1 represents a holistic view of the
search space. Based on this view, we propose a ranking
scheme that deals with relevance at many levels. Further, Fig.
provides different perspectives on the search space. Based on
this representation of the search space, existing work on
keyword search and database selection can be extended to
solve the problem of keyword query routing. For selecting the
correct routing plan, we use graphs that are developed based
on the relationships between the keywords present in the
keyword query. This relationship is considered at the various
levels such as keyword level, element level, set level e.t.c. The
goal is to produce routing plans, which can be used to
compute results from multiple sources. However, queries with
more keywords could not be handled efficiently. For instance,
queries with more than two keywords needed several seconds
up to one minute. Thus proposed system tries to handle such
queries with number of keywords and tries to minimize the
computing time.
Scoring Mechanism-In addition we are showing the relevant
data in result to input keyword query. For example we
consider the twitter dataset which includes tweets. These
keywords are searched in twitter dataset. Those tweets having
these keywords, only that tweets will be shown in results. But
for effective results they are ranked by scoring them for each
tweet. By calculating the score of keywords for every tweet,
that score is again manipulated by comparing it with the graph
levels. If we do not set the score with respect to the graph,
then we will get normal re-ranking without proper score. So
with proper score, relevant tweets are re-ranked and efficient
results are generated.

keyword searching using other approaches is problematic
when the number of keywords is large in a query. But routing
method can be used for large keywords in a query because if
the information need is well described then only more relevant
data can be retrieved.
In our approach as per the input query keywords, the
algorithm scan the entire graph from root node to leaf nodes
till reaching to the all keyword. It maintains an index to store
all the routes reaching to the keywords and finally shows the
subtree in output result.

IV.CONCLUSION
This paper helps to improve the performance of
keyword search, without compromising its result quality.
Investigate the problem of keyword query routing for keyword
search over a large number of structured and Linked Data
sources. Routing keywords only to relevant sources can reduce
the high cost of searching for structured results that span
multiple sources. We use a graph-based data model to
characterize individual data sources. For selecting the correct
routing plan, we use graphs that are developed based on the
relationships between the keywords present in the keyword
query. This relationship is considered at the various levels
such as keyword level, element level, set level e.t.c. In the
existing system, Routing keywords return all the source which
may or may not be the relevant sources.
However, queries with more keywords could not be
handled efficiently. For instance, queries with more than two
keywords needed several seconds up to one minute. Thus,
while this setting produced results of highest quality, it is not
really affordable in a typical web scenario demanding high
responsiveness. To produce results in minimum time, while
not compromising too much on quality. The results suggest
that keyword search without routing is especially problematic
when the number of keywords is large. Thus the proposed
system uses routing keyword search for the queries having
large number of keywords.
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